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Abstract 

This paper examines how marketing analytics improves e-commerce client segmentation and 
to demonstrate how data-driven approaches enhance segmentation accuracy and 
customisation, we review the literature on digital marketing, big data, and analytics. Marketers 
can use advanced analytics (such as clustering, predictive modelling, and artificial 
intelligence) to harness the vast amounts of rich customer data generated by e-commerce 
platforms, such as clickstreams, social media content, and purchase histories (Ansari and 
Mela, 2003). For instance, demonstrate that employing clickstream data to customize email 
content can increase click through rates by 62%. E-commerce data are "less structured and 
often contain rich customer opinion and behavioural information". Making methods like 
database segmentation and clustering for suggestions possible (Chen et al, 2012). While AI 
enables businesses to monitor individual behaviour and turn one-time purchasers into 
recurring clients, big data analytics 
 
While AI and predictive analytics provide tailored targeting and increased engagement, big 
data analytics enables businesses to monitor individual behaviour and turn one-time 
purchasers into recurring consumers. Because social media allows marketers to "listen to the 
voice of the market" through user-generated content, it also offers useful segmentation cues. 
All things considered, marketing analytics from sentiment analysis and machine learning to 
predictive modelling enables e-commerce companies to identify specific client segments and 
customize marketing tactics (such as recommendations, dynamic pricing, and tailored 
promotions) for each segment. Increased productivity, loyalty, and conversion are the 
outcomes. 
 
Keywords: marketing analytics; customer segmentation; e-commerce; personalization; big 
data. 
 

INTRODUCTION 

In recent decades, e-commerce has evolved rapidly, producing enormous volumes of customer 
data and changing how businesses market to customers. Clickstreams, transaction logs, social 
media interactions, and other digital footprints are continuously gathered by online retailers 
and platforms (such as Amazon, Google, and Facebook & FAANG Companies) (Chen et al, 
2012) state that "the web and e-commerce communities have arguably generated the 
excitement surrounding BI&A (Business Intelligence & Analytics) and Big Data." 
Developments in online analytics, cloud computing, and social media platforms are 
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spearheaded by large companies such as Google, Amazon, and Facebook. Compared to 
traditional surveys or point-of-sale data, these digital platforms give unparalleled access to 
consumer behaviour and opinions. 

Simultaneously, marketing analytics has become a discipline for improving product offerings, 
pricing, and promotions. In marketing, analytics refers to the analysis of consumer and market 
data using statistical and machine learning methods. Businesses may better segment their 
clientele and target each category with marketing thanks to data. An early study by (Ansari and 
Mela, 2003) shows that using clickstream data to customize online communications can avoid 
information overload and produce significant gains: a content-targeting technique for email 
marketing increased projected click-throughs by 62%. This demonstrates how segmentation 
and personalization are essential components of contemporary e-commerce strategies. 

The technique of breaking up a market into discrete groups with comparable traits in order to 
enable focused marketing is known as customer segmentation. Segmentation, according to 
(Wedel & Kamakura, 2000) is the process of identifying homogeneous consumer groups for 
whom a particular marketing mix can be created. A multitude of data (demographics, past 
purchases, browsing habits, social signals, etc.) can be used for segmentation in e-commerce. 
Finding and serving important customer segments such as price-conscious consumers, brand-
loyal consumers, deal seekers, etc. is the aim. According to one survey, analytics enables 
retailers to "track each user's behaviour and connect the dots" in order to turn new customers 
into loyal ones. 

  
RESEARCH METHODOLOGY 

We perform a bibliographic analysis of the sources that are supplied. We looked for pertinent 
information on analytics techniques and segmentation results in each source. Data (methods, 
outcomes, and settings) were synthesized when key themes were identified. We include 
concrete findings (e.g., methodological insights, performance improvements) whenever 
possible. We also take note of any presumptions or information gaps in the sources. 

We make the assumption that the studies that are quoted are accurate. Unspecified sources are 
those that lack complete text or information (such as conference proceedings without a DOI). 
Qualitative discussions are held regarding privacy and ethics issues, such as data privacy in e-
commerce analytics. 
 

OBJECTIVES AND HYPOTHESES: 

Objectives: 

1. To assess how marketing analytics techniques (big data, AI, predictive modelling, etc.) 
enhance the precision and effectiveness of customer segmentation in e-commerce. 

2. To synthesize evidence on the impact of analytics-driven segmentation on marketing 
outcomes (engagement, conversion, loyalty). 

3. To identify best practices and challenges in applying analytics to segmentation. 
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Hypotheses: 

• H1: Compared to traditional segmentation, the use of advanced analytics (such as machine 
learning and artificial intelligence) results in far more detailed client segments.  
• H2: Marketing performance indicators (click-through rate, conversion rate, and customer 
retention) are positively correlated with analytics-driven segmentation.  
• H3: Segmentation models that incorporate sentiment and social media data anticipate 
consumer behaviour more accurately.  

These guide our analysis of the literature. 

1. LITERATURE REVIEW 

1.1  Marketing Analytics and Big Data 

The literature on marketing analytics highlights big data's transformational potential. 
According to (Akter & Wamba, 2016), e-commerce companies who incorporate big data 
analytics into their operations experience increases in productivity (e.g., 5–6% higher 
productivity than competitors). In e-commerce, big data analytics (BDA) includes prescriptive, 
predictive, and descriptive analytics. It comprises machine learning techniques and high-
volume data processing technologies like Hadoop and cloud computing. BI&A is defined by 
(Chen, Chiang, and Storey, 2012) as using data from several sources to assist with decision-
making. They point out that in the "Big Data era," unstructured data such as text and social 
media is now essential, and BI&A tools such as sentiment analysis and information extraction 
are developing.  

Numerous studies emphasize the business benefits of analytics. For instance, BDA helps 
businesses to "drive a higher conversion rate, improve decision making, and empower 
customers," according to Miller (2013, referenced by (Akter & Wamba, 2016)). Practically 
speaking, analytics makes it possible for businesses to use data more effectively by seeing 
hidden trends in consumer behaviour (Chen et al, 2012), for example, note that data from e-
commerce platforms frequently includes "rich customer opinion and behavioural information." 
This data, which offers deeper insight, can contain surfing paths, social remarks, and review 
text, in contrast to legacy transaction logs. By examining user-generated information, 
businesses may "listen to the voice of the market" thanks to the rise of Web 2.0 content (forums, 
reviews, social posts). 

1.2  Customer Segmentation Foundations 
One well-known marketing idea is market segmentation. Demographics, geography, 
psychographics, and behaviour are examples of traditional segmentation basis. Behaviour-
based segmentation, such as RFM analysis (recentness, frequency, and monetary value), is 
particularly effective in e-commerce. A methodological basis for segmentation is given by 
(Wedel & Kamakura, 2000) who stress that segments should be quantifiable, significant, 
differentiable, and actionable. Clickstream patterns, device usage, and social media interests 
can also be used to establish segments in digital environments. Online platforms create a 
"computer-mediated environment" where digital data produces fresh segmentation insights, 
according to (Yadav and Pavlou, 2014).  
 
Analytics makes data-driven segmentation possible, which improves traditional segmentation. 
Rather than relying on a priori categories, firms can use unsupervised learning to discover 
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segments from data. For instance, In (Adomavicius & Tuzhilin, 2005), cited in (Chen et al. 
2012) describe how recommender systems find groups of similar customers using database 
segmentation and clustering techniques. Personalized recommendations can be used to target 
niche segments in a long-tail market, reaching numerous small groups with specialized offers 
(Anderson, 2004), popularized this "long-tail marketing" strategy, and analytics have made it 
feasible for businesses to economically service millions of micro-segments online. 

1.3 Analytics Techniques For Segmentation 
Marketing analytics uses a variety of methods to divide up its clientele:  
 
1.3.1 Clustering: K-means, mixture models, and hierarchical clustering group clients based 
on similarities (in terms of purchases, demographics, etc.). Segments without predetermined 
labels can be found using clustering methods. For example, (Brynjolfsson et al, 2013) 
demonstrate how retailers employ basket data clustering to identify client categories for 
focused promotions. 

1.3.2 Classification and Predictive Modelling: Supervised models, such as logistic 
regression, random forests, and decision trees, divide consumers into groups (such as high and 
low spenders). According to (Siegel, 2016), predictive analytics forecasts segment membership 
or lifetime value using past data. According to Kumar et al. (2020), engagement across 
channels is greatly increased by AI-driven personalization, which depends on such models. 
 
1.3.3 Association Rules and RFM: By identifying product affinities inside segments, 
association rule mining (like Apriori) improves cross-selling. Customers are segmented 
(usually through clustering) after being scored on recency, frequency, and monetary value by 
RFM analysis. Many e-commerce CRM systems are based on these methods (Winer, 2001). 
 
1.3.4 Sentiment analysis and natural language processing: Social media posts, customer 
reviews, and comments offer qualitative information. Sentiment analysis (Liu, 2012) collects 
topics and categorizes opinions as either positive or negative. Sentiment clusters (e.g., brand 
advocates vs. critics) can be used to refine segments. Text analysis is widely used for social 
media analytics, according to (Chen et al, 2012) 
 
1.3.5  Network analysis: Social media makes it possible to map relationships (i.e., who 
impacts whom). Segment structures (influencers, communities) can be found through social 
network analysis. Social media is a "revolutionary trend" for marketers, according to (Kaplan 
and Haenlein, 2010). Customers can be grouped via analytics tools according to shared interests 
or social connectivity. 
 
Advanced techniques include streaming algorithms for real-time segmentation updates and 
deep learning (e.g., autoencoders to learn consumer embeddings). But data-driven grouping is 
the fundamental concept. 

1.4 Social Media and Consumer Insights 
Data about segmentation can be found in abundance on social media. Social media sites like 
Facebook, Instagram, and Twitter show the tastes and actions of its users. According to (Kaplan 
and Haenlein, 2010), 75% of internet users used social networks in 2008, a significant increase 
from 2007. Social media is now a crucial avenue for consumer interaction as a result of this 
ongoing development. Influencer marketing and user-generated content on social media greatly 
affect purchasing decisions, according to (Patel and Mehta, 2021) (fashion industry context). 
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In a similar vein, (Singh and Raghuvanshi, 2025) observe that fashion firms target youth 
demographics through Instagram and influencer content.  
 
Social data offers psychographic cues from a segmentation perspective. Consumers can be 
divided into groups based on the material they post, the hashtags they use, or the influencers 
they follow. Based on their social footprints, analytics can categorize users into groups such as 
bargain seekers, loyalists, or trendsetters. For instance, a user who often interacts with hashtags 
related to sustainable fashion may be part of the eco-conscious demographic. Segment 
definitions are enhanced by the addition of social insights to conventional data. 
 
1.5 Value Unlocking: Advantages of Improved Customer Segmentation Using Marketing 
Analytics Social Media and Consumer Insights 
Furthermore, using marketing analytics to improve customer segmentation in e-commerce 
unlocks significant value for businesses, primarily through the achievement of superior 
personalization and customer experience (Cordova, 2024). Personalized product 
recommendations made possible by enhanced segmentation have been shown to increase the 
likelihood of additional purchases and improve overall customer satisfaction. Dynamic pricing 
strategies, which are often made possible by big data analytics, enable real-time price 
adjustments based on factors like demand, inventory levels, and competitor pricing. 
 
E-commerce businesses can increase engagement and conversion rates by tailoring their 
marketing offers and messaging with a better understanding of their customer segments 
(Cordova, 2024). Better customer segmentation also leads to the optimization of targeted 
marketing campaigns, increasing return on investment (ROI). Additionally, the ability to 
segment customers based on firmographic and other relevant data allows for more precise 
targeting of advertising efforts. 
 
Improved customer segmentation has a positive effect on customer lifetime value (CLV) and 
loyalty (Cordova, 2024). By identifying the most valuable customer segments, businesses can 
focus on giving these important customers outstanding experiences, which will increase their 
loyalty and, eventually, their lifetime value. Additionally, by identifying customer segments 
that are dissatisfied, marketing analytics can help businesses modify their strategies to better 
meet their needs. Additionally, by calculating CLV, which is often made possible by marketing 
analytics tools, organizations can maximize their marketing investments in customers with the 
highest potential for long-term profitability (Stewart, 2021) 
 
Lastly, the data gathered from consumer segmentation through marketing analytics 
significantly helps with strategic pricing and product development decisions. Understanding 
the distinct requirements of various customer segments also aids in the design and 
customization of products that successfully satisfy those needs (Cordova, 2024). Businesses 
can identify unmet needs and potential opportunities for the development of new products or 
services that fill those gaps in the market by analysing these segments. Income data obtained 
through segmentation can direct the development of pricing strategies and product features that 
are in line with the financial capacities and preferences of various customer groups.46 

 
1.6 Overcoming The Difficulties: Barriers And Things To Take Into Account When Using 
Marketing Analytics For Customer Segmentation Social Media And Consumer Insights 
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Even though there are many benefits to adopting marketing analytics for client segmentation 
in e-commerce, businesses must overcome a number of challenges and variables. Ensuring data 
quality and consistency is a major difficulty in marketing analytics. Inaccurate or inconsistent 
data can lead to flawed conclusions and misguided marketing tactics. This issue is often made 
worse by inconsistent data formatting, the presence of out-of-date information, and data silos—
where data is trapped in multiple systems. Additionally, the growing focus on data privacy 
necessitates careful consideration of laws such as the CCPA and GDPR when collecting, 
analysing, and using customer data for segmentation purposes. 
 
Implementing and managing marketing analytics for customer segmentation also requires 
overcoming technical and resource limitations. Additionally, the proliferation of various 
marketing analytics tools and platforms can occasionally lead to information overload and 
decreased productivity due to the creation of data silos. Businesses may also encounter 
budgetary, time, and personnel constraints that can impede their ability to effectively extract 
valuable insights from marketing data. The technical challenges of deploying advanced 
analytics tools and the shortage of professionals with the requisite skills can pose significant 
challenges. 
 
Two further crucial considerations are the potential for algorithmic bias and the need to uphold 
moral principles when employing marketing analytics for consumer segmentation. Biased 
software algorithms can lead to unfair or distorted segmentation results (Dubey, 2018). To 
ensure that all customer segments are treated equally, e-commerce enterprises need to be 
vigilant to identify and correct these biases. E-commerce businesses must promote openness 
and give customers control over their data in order to maintain confidence and ensure ethical 
personalization strategies. Data security and the ethical application of AI in marketing 
strategies are also quite important. 
 
1.7 Setting The Course: Top Techniques For Using Marketing Analytics To Segment 
Customers Effectively 
 
When using marketing analytics for consumer segmentation in e-commerce, businesses should 
adhere to a few best practices. In order to evaluate the segmentation process and its impact on 
achieving the desired business outcomes, it is crucial to first and foremost set specific business 
goals for the segmentation efforts, such as increasing sales, improving customer satisfaction, 
or improving customer retention (Cordova, 2024). These goals should be transformed into 
measurable Key Performance Indicators (KPIs). 
Second, when selecting marketing analytics tools and strategies, businesses should carefully 
take into account the characteristics of the data they have access to as well as their particular 
company context (Cordova, 2024). Using machine learning and advanced analytics 
technologies can lead to more precise and insightful targeting. 
 
Thirdly, creating solid plans for data management and governance is essential. Businesses must 
prioritize compliance with data privacy regulations throughout these processes in order to 
maintain customer trust and avoid legal repercussions (Dubey, 2018).Addressing data 
integration challenges by breaking down silos and guaranteeing smooth information flow 
across various systems is also essential. This includes implementing policies to ensure data 
quality, accuracy, and consistency throughout the data lifecycle. 
 
Finally, client segmentation is a dynamic process. Businesses should implement continuous 
testing, evaluation, and refinement processes to ensure that their segmentation strategies remain 
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effective and relevant over time (Cordova, 2024). A/B testing and other experimentation 
techniques can optimize marketing strategies for different customer segments (Stewart, 2021) 

 

2. SUMMARY OF FINDINGS 
Overall, the literature indicates that marketing analytics significantly enhances segmentation 
in e-commerce. Key findings include: 

 
2.1 Analytics enables granular, dynamic segments: Businesses can recognize micro 
segments and instantly adjust them in response to fresh data. 
 
2.2 Personalization: Personalized marketing (offers, recommendations) is made possible 
by data-driven segments. Empirical research demonstrates significant gains in engagement 
when personalization is used (Ansari & Mela 2003; Kumar et al. 2020). 
 
2.3 Integration of varied data: Deeper insights are obtained by combining purchase data 
with social and behavioral data (Chen et al, 2012) (Liu, 2012). 
 
2.4 Business impact: Research regularly shows that analytics-based segmentation 
increases conversion, loyalty, and productivity.  

Our conceptual framework and research program are based on these themes. 

 

3. THEORETICAL IMPLICATIONS AND CONTRIBUTIONS 
We offer a conceptual framework that views marketing analytics capabilities such as big data 
infrastructure, analytics tools, and AI algorithms as enabling elements that enhance consumer 
segmentation procedures and results. In particular: 

3.1 Data Inputs:  Analytics systems receive data from e-commerce data sources, including 
transaction logs, clickstream, CRM data, social media, and sensor/mobile data 
3.2 Analytics Layer: The data is processed using tools and techniques (data mining, 
machine learning, predictive modelling, text mining, network analysis). Segment definitions 
and models are produced by this layer.  
3.3 Segmentation Output: Refined consumer segments (based on behaviour, value, 
preferences, sentiment, etc.) are the outcome of segmentation. 
3.4 Marketing Actions: Personalized marketing strategies, such as targeted 
advertisements, email campaigns, product recommendations, and loyalty programs, are 
informed by segments. 
3.5 Performance: Better KPIs (increased conversion rates, repeat purchases, customer 
lifetime value) are the result of improved targeting. 

The following is a graphic representation of this framework: 

[E-commerce Data Sources] 
↓ 

[Analytics & Tools] 
↓ 

[Customer Segmentation] 
↓ 
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[Personalized Marketing Actions] 
↓ 

↱ [Business Performance] ↰ 
↳ (Conversions, Loyalty) ↲ 

 
A feedback loop from Performance back to Analytics in the diagram shows how results (such 
segment profitability) can be measured and sent back to improve models. 
 
Additionally, we integrate this framework with theoretical notions such as relationship 
marketing (customer lifetime value), digital analytics paradigms (Web 2.0 and IoT), and 
transactional data (RFM segmentation). We see that e-commerce segmentation is intrinsically 
interdisciplinary, drawing from consumer behaviour, information systems (BI/analytics), and 
marketing science.  

 

4. CONCEPTUAL MODEL 
Based on the framework above, the conceptual model is: 

[Big Data Infrastructure] 
↓ 

[Analytics Algorithms] 
↓ 

[Customer Segments Identified] 
↓ 

[Targeted Marketing Campaigns] 
↓ 

 [Enhanced Customer Engagement & Sales] 
↓ 

 [Feedback Loop: Model Refinement] 

 

Above Figure: Analytics-enhanced segmentation conceptual model (nodes represent system 
components and results). Continuous learning from consumer interactions is ensured by the 
feedback loop.  

5. DISCUSSION:  

Our literature synthesis yields several findings: 
 

5.1 Data Enrichment: A variety of data, including online logs, transaction records, mobile 
app data, social media, and even signals from IoT devices, are used in e-commerce analytics. 
According to (Chen et al, 2012), web and social media data are valuable yet unstructured. 
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Reviews can be subjected to sentiment analysis (Liu, 2012) to identify customer sentiments 
and divide them based on the polarity of their opinions. 
 
5.2 Algorithmic Segmentation: Many sources mention clustering and classification 
algorithms. The Netflix Prize example, for example, demonstrates how collaborative filtering 
a type of matrix factorization/clustering significantly improved tailored recommendations. 
 
5.3 Performance Gains: Research has shown that segmentation quality has a direct impact 
on marketing results. A good example is by (Ansari and Mela, 2003) content-targeting strategy, 
which increased click-throughs by 62% by customizing emails to user segments. In a similar 
vein, Kumar et al. discovered that segmentation-enabled targeted marketing greatly increased 
customer reactions. BDA value is quantified by (Akter & Wamba, 2016); analytics can boost 
efficiency and conversion. These empirical findings strongly imply that segmentation 
improved by analytics produces measurable ROI. 
 
5.4 The Function of Social Media: Kaplan and Haenlein (2010) contend that in order to 
gain consumer insights, marketers need to "listen" to social media. Influencer marketing and 
user content define segments (e.g., fashion-forward young vs. classic customers), according to 
studies on fashion consumers (Patel & Mehta 2021; Singh & Raghuvanshi 2025). Segment 
preferences are also indicated by social validation (likes, shares). To improve segmentation 
beyond purchase data, analytics systems extract geotags, hashtags, and network structure. 
 
5.5 Challenges noted: A number of sources mention difficulties. Concerns about privacy 
must be addressed, including the moral use of consumer data and adherence to laws (such as 
GDPR). When combining online and offline data, problems with data quality and integration 
occur. Analytics also calls for technological expertise and a well-defined plan. Some authors 
warn that "actionability" is still crucial and that not every section found by algorithms will be 
commercially viable (Wedel & Kamakura, 2000)  

In conclusion, research demonstrates that marketing analytics provide the tools and rationale 
for more accurate customer segmentation. Marketers are able to segment at a much deeper level 
than with conventional methods because to the combination of sophisticated data processing 
and modelling tools. 

 
6.  FINDINGS: 

For e-commerce managers, the insights are clear: 

6.1.     Invest in Analytics Infrastructure: Businesses should construct data warehouses, 
implement analytics software (AI/ML platforms), and provide employee training. 91% of Fortune 
1000 companies invest in analytics (Akter & Wamba, 2016), so falling behind on analytics could 
result in a competitive disadvantage. 

6.2.      Multichannel Integration: All channels should use the same segments. For instance, if at all 
possible, tailored advertisements should be placed offline or in-store for a high-value category that 
was discovered online. Segments are further refined through data synchronization (omnichannel 
analytics) (Brynjolfsson et al. 2013). 
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6.3 Real-time Personalization: Real-time segmentation is made possible by analytics. As 
new behaviour emerges, retailers can adjust segment membership (e.g., triggering personalized 
offers after specific browsing habits). 

6.4 Segmentation Strategy: According to the conceptual model, choosing which segments 
to target and what data to evaluate should come after determining company objectives (such as 
boosting loyalty). Segments with the highest ROI can be prioritized using tools like predictive 
modelling. 

Examples of business cases include eBay's purported use of analytics to divide up its customer 
base based on bidding patterns and site content customization. In order to cross-sell products, 
Amazon's recommendation engine divides customers into groups based on past purchases and 
comparable user behaviour. These demonstrate how the concepts covered in the textbook are 
applied in real-world situations. 
 

7. CHALLENGES AND LIMITATIONS: 
There are restrictions on this review. Our sources primarily include published works from 2021 
to 2025, with a few items from 2025. The availability of complete texts limits the analysis. We 
rely on citations from other publications because some user-listed references (such Kotler & 
Keller 2016 and Kotler 2006) are books that were not explicitly searched. This study's 
conceptual model is a synthesis and has not been empirically verified. In situations like B2B 
or subscription services, which can be different from retail e-commerce, we did not take 
segmentation into account. 

 

8. FUTURE SCOPE 

Opportunities for further research include: 

8.1 Dynamic Segmentation: Creating models that modify segment definitions in real 
time as consumer behavior shifts is known as dynamic segmentation. 

8.2 Privacy-Preserving Analytics: Techniques that enable segmentation without 
jeopardizing client privacy, such as federated learning or anonymization. 

8.3 AI Explainability: Techniques for deciphering segment classifications will be 
crucial as AI propels segmentation (why is this consumer in segment A?). 

8.4 Integration of New Data: Spatiotemporal segments can be produced by combining 
IoT with contextual data, such as location and time. These enrichments could be 
investigated through research. 

8.5 Performance measurement: Additional empirical research measuring the return on 
investment (ROI) of analytics-driven segmentation in particular businesses (beyond 
email open rates). 

 

9. CONCLUSION:  
 

These days, marketing analytics are essential for e-commerce client segmentation. To create 
accurate, useful consumer segments, the massive volumes of data produced by online 
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commerce require modern analytics (big data, AI, machine learning, clustering, RFM, etc.). 
demonstrates how analytics-driven segmentation, which ultimately boosts business 
performance and competitive advantage, allows for significantly greater customisation and 
targeting (increasing conversion rates and customer value) than traditional methods. 

By using marketing analytics, static market slices can be transformed into dynamic, data-driven 
consumer profiles, resulting in more successful marketing campaigns, personalization, and 
strategic choices. Customer lifetime value, loyalty, and total marketing ROI are all increased 
by the better segmentation. At the same time, issues like algorithmic bias, data quality, 
integration, and privacy need to be handled with well-defined objectives, robust data 
governance, and ongoing improvement. The study concludes that future developments (such 
as real-time analytics, multi-channel integration, and AI customisation) will enhance customer 
comprehension. In conclusion, marketing analytics is crucial for e-commerce segmentation 
since it reveals deep consumer insights and produces better business results in the cutthroat 
online market. 
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